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Improving teacher evaluation is one of the most pressing and 
contested contemporary educational policy issues. There is 
compelling evidence that teachers represent a key leverage 

point for improving student outcomes in both the short and long 
term and that teachers vary substantially in their effectiveness 
(Chetty, Friedman, & Rockoff, 2014; Rivkin, Hanushek, & 
Kain, 2005; Rockoff, 2004). Despite this consequential variation, 
until recently, most formal teacher evaluations have been cursory 
and not very discriminating (Toch & Rothman, 2008; Weisberg, 
Sexton, Mulhern, & Keeling, 2009). Most agree with the high-
level assertion that teacher evaluation ought to be meaningful, 
which entails reforming the content and structure of evaluations. 
Despite this general consensus, there has been a great deal of con-
troversy surrounding the substance of proposed reforms.

In particular, many have questioned the use of value-added 
measures (VAMs) in newer evaluation systems1 (cf. Rothstein, 
2009). These measures are controversial for a number a reasons. 
First, they have low face validity among educators who question 
whether standardized tests represent the broader construct of inter-
est, student learning. Teachers also do not always know how to 
interpret such measures, nor do they provide information teachers 
can use to identify specific areas for instructional improvement 
(Kupermintz, 2003). Second, they create a forced distribution of 
performance, undercutting norms of collective success and collabo-
ration (Johnson, 2015). Finally, their measurement properties have 
been scrutinized and found wanting by some given the likelihood 

of misclassifying an “effective teacher” as “ineffective” or vice versa 
(Baker et al., 2010; Darling-Hammond, Amrein-Beardsley, 
Haertel, & Rothstein, 2012; McCaffrey, Sass, Lockwood, Mihaly, 
2009; Papay, 2012; Rothstein, 2009; Schochet & Chiang, 2013). 
But, for all the scrutiny, VAMs can only be directly used to assess 
the performance of a modest fraction of teachers, typically about 
20% to 30% (e.g., Watson, Kraemer, & Thorn, 2009).

Classroom observations, on the other hand, are used nearly 
universally to assess teachers. They have high levels of face valid-
ity because they assess teaching practices that teachers themselves 
can observe. For those striving to become better practitioners, 
this information can provide timely and actionable formative 
feedback. Despite these potential benefits, one of the critiques 
leveled against observations is the precedent of not differentiating 
among teachers. Observation instruments are criterion-refer-
enced measures, not necessarily leading to a distribution of rat-
ings, and historically most teachers have been deemed effective 
or highly effective. This lack of differentiation is often referred to 
as the “widget effect” (Weisberg et al., 2009). The distribution of 
evaluations using classroom observations does not align with the 
distribution suggested by value-added measures or by principals’ 
perceptions that teachers vary significantly in effectiveness (Jacob 
& Lefgren, 2007).
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Interestingly, given their prevalent use, we know surprisingly 
little about the statistical properties of classroom observations in 
consequential personnel decisions. Indeed, much of what we 
know is derived from extensive research of a large-scale research 
study—the Measures of Effective Teaching (MET) Project (cf. 
Kane & Staiger, 2012)—and it is unclear how these findings 
might translate when evaluation reform is put into practice 
(Goldhaber, 2015). Will real-world classroom observations differ-
entiate among teachers? Will they be reliable? Will teachers receive 
actionable feedback, leading them to seek and receive high-quality 
professional development? The answers to questions like these are 
key to understanding how the use of observational measures of 
performance will affect the quality of the teacher workforce.

In this article, we highlight some conceptual and empirical 
challenges that are similar across different measures of teacher per-
formance. We focus on the existing validity evidence around class-
room observations as evaluation measures, much of which is 
derived from research studies as opposed to real-world evaluation 
systems. We highlight what we know about the stability of obser-
vational measures across raters and educational contexts. We spec-
ulate on the implications of the extant literature, and we ask what 
additional kinds of evidence we would need about observations to 
feel confident observations could be featured in fair and useful 
evaluation systems. We attempt to answer some of these questions 
while describing the conceptual issues that arise when measuring 
teachers’ classroom performance based on observations. Based on 
a review of empirical research, we argue that we need more research 
focused on observations as performance measures, particularly 
from authentic settings where observational performance mea-
sures are used in consequential evaluation systems, and we sketch 
out an agenda for future research. Given space constraints, our 
goal is not to provide a comprehensive synthesis of the extant lit-
erature around classroom observations. Such a review would be 
helpful but goes beyond the scope of our brief essay, which is 
instead intended to outline key issues.

We focus on validity issues that we consider particularly 
salient given what we know about other forms of evaluation. For 
example, we know that value-added measures tend to fluctuate 
over time and across student populations, so we highlight cor-
responding questions about classroom observations. Other 
issues, such as raters, are particularly important to consider given 
the inherent subjectivity of observational measures of perfor-
mance. We use the literature cited in the following to surface 
broader issues in research on classroom observations that merit 
further study in service of supporting the development of rigor-
ous and fair teacher evaluation systems.

We include studies where observations were low/no stakes for 
participating teachers (e.g., the MET project) as well as those in 
which observations were consequential for teachers (e.g., Steinberg 
& Sartain, 2015). Our next steps for research includes discussion 
about how research generated from high- and low-stakes observa-
tions of teachers may engender different conclusions.

A Brief History and Summary of Current Use of 
Classroom Observations

It is ironic to focus on the field’s lack of knowledge about the 
properties of classroom observations given their longstanding 

history in public schools. Structured classroom observations date 
back at least to the 1950s, when research began to focus on discrete 
teacher behaviors and schools began to implement classroom-
based observations on a systematic large-scale basis2 (Brophy & 
Good, 1986). For the past 60 years, principals have engaged in 
“walk-throughs” with checklists of readily assessable features of 
classrooms, though these were not necessarily consequential 
evaluations. The 1983 publication of A Nation at Risk (Gardner, 
1983) spurred greater standardization of evaluation systems for 
personnel decisions (Darling-Hammond, Wise, & Pease, 1983; 
Hazi & Rucinski, 2009; Toch & Rothman, 2008). While perfor-
mance evaluations were ostensibly used for high-stakes purposes, 
evidence suggests few teachers ever received less than stellar eval-
uations (Weisberg et al., 2009).

Contemporary observation instruments are comprised of 
scales representing a range of quality—a departure the binary 
checklists historically employed—and are designed to be more 
nuanced and rigorous. Reports from a number of states, however, 
suggest the vast majority of teachers still receive high ratings even 
after implementing evaluation systems designed to produce more 
realistic distributions. For example, more than 95% of teachers in 
Florida, Michigan, and Tennessee were rated “effective” or better 
in revamped evaluation systems (Anderson, 2013).3

The nationally representative Schools and Staffing Survey 
(SASS) provides some broader insights into how teachers have 
recently been evaluated. Analysis of principal survey data from 
the most recent (2011–2012) wave of the SASS shows that more 
than 95% of teachers were evaluated based on formal classroom 
observation(s). By contrast, only 40% of principals reported 
using student test scores to gauge teacher performance.4 More 
recently, a report from the National Council on Teacher Quality 
shows the rapid increase in the number of states requiring mea-
sures of student achievement be included in teacher evaluation: 
from 15 states in 2009 to 43 in 2015 (Dorety & Jacobs, 2015). 
Classroom observations continue to be an important teacher 
performance measure, with 48 states requiring some formal 
observations (Dorety & Jacobs, 2015).

It is not clear how evaluation reform will evolve over time. 
Many of the recent teacher evaluation initiatives that focused on 
student test-based measures were spurred on by Race to the Top, 
along with waivers to No Child Left Behind (NCLB) require-
ments. The recent reauthorization to the Elementary and 
Secondary Education Act prohibits this type of federal involve-
ment in states’ teacher evaluation systems, and states may corre-
spondingly move away from using student test-based measures to 
evaluate teachers (Goldhaber & Brown, in press; Sawchuk, 2016). 
This would then redouble the imperative to learn more about how 
observational measures work to identify true differences between 
teachers and drive improvement in teacher practice.

What Do We (and Don’t We) Know About 
Observational Measures of Teaching?

In the following discussion, we highlight some existing evidence 
about observational measures as both research and evaluation 
tools, as well as some of the potential sources of error and con-
ceptual challenges inherent in such measures. We ask: To what 
extent have we built a comprehensive validity argument about 
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observational measures as reliable assessments of teacher perfor-
mance? We focus first on what is being measured by different 
observation instruments. Then we summarize what we know 
about reliability and the information needed for accurate mea-
surement. Given that teaching is an inherently situated activity, 
we analyze existing evidence around how contextual features are 
associated with measures of practice. Finally, we conclude with a 
discussion of raters and the objectivity of observational mea-
sures. We do not focus on the predictive validity of observations 
because this topic has been well addressed elsewhere.5

What Is Being Measured?

There are multiple dimensions by which a teacher might be 
deemed “effective.” Teachers support students in myriad ways in 
service of multiple outcomes, including social and emotional 
outcomes (Blazar & Kraft, 2015). Even if we focus on the nar-
rower construct of teacher effectiveness at supporting student 
learning on academic outcomes, value-added estimates culled 
from a single test may only represent a portion of the broader 
construct of interest.

Likewise, any specific observational instrument also measures 
only a small portion of the broader construct of “teaching qual-
ity,” a construct around which we do not yet have consensus. 
Some suggest that instructional quality is distinguished by prac-
tices that are responsive to and sustaining of students’ diverse 
cultural backgrounds (Ladson-Billings, 1995; Paris & Alim, 
2014). Others conceptualize good teaching by foregrounding 
the clarity and accuracy of teachers’ representation of academic 
content and their instructional explanations (Hill, Ball, & 
Schilling, 2008) or the extent to which teachers foster a positive 
climate in the classroom and promote warm and respectful rela-
tionships with students (Pianta & Hamre, 2009). Given these 
divergent perspectives, it is perhaps unsurprising that different 
research teams and districts alike have constructed very different 
measures to assess instructional quality.6

Each instrument rests on a theory of instruction, which may 
or may not be supported by robust empirical evidence. Some, 
such as the commonly used Framework for Teaching (FFT; 
Danielson, 2007) and the Classroom Assessment Scoring System 
(CLASS; Pianta, Hamre, Haynes, Mintz, & LaParo, 2006), fea-
ture elements of teaching that theoretically cut across content 
areas, including classroom management and organization and use 
of materials. Other instruments used primarily for research stud-
ies, such as the Mathematical Quality of Instruction (MQI; Hill, 
Kapitula, & Umland, 2011) or the Protocol for Language Arts 
Teaching Observation (PLATO; Grossman, Loeb, Cohen, & 
Wyckoff, 2013), privilege content-specific aspects of instruction 
and require raters have subject specific knowledge and/or teach-
ing experience. We still lack empirical clarity about the affor-
dances and constraints of these divergent approaches to measuring 
instruction, for formative feedback and for consequential sum-
mative assessments.

Another component of this work is developing more robust 
evidence around the quality of enactment of teaching practice 
(and corresponding score points) necessary to support student 
learning. Looking across the observation protocols used in the 
MET study, where observations had no stakes for participating 

teachers, Polikoff (2015) found substantial fluctuation around 
theoretically meaningful cut scores. This suggests that not only 
do we lack clarity about what is quality practice, but we also 
know little about what constitutes quality demonstration of a 
practice and how to ensure that observers recognize these poten-
tially meaningful distinctions.

Information Needed for Accurate Measure

Just as VAMs necessitate a certain amount of information to 
minimize measurement error, so do observation instruments rely 
on appropriate sampling of classroom practice. Indeed, there is 
now a significant amount of evidence about the stability of value 
added across years (Goldhaber & Hansen, 2013; McCaffrey et al., 
2009), and the information has led some (e.g., Baker et al., 
2010) but not all (Glazerman, Loeb, Goldhaber, Raudenbush, 
& Whitehurst, 2010) to conclude that the magnitude of tempo-
ral fluctuations undermines the potential use of VAMs in per-
sonnel decisions. We know comparatively little about the degree 
to which observational measures are stable from year to year or 
whether stability is a desirable attribute. Today’s observations are 
likely quite stable given consistently high scores but probably 
not reflective of actual distributions in teaching quality.

Stability within years would likely be higher than across years 
because teachers teach different students and often content and 
courses from one year to the next. These differences are likely to 
be associated with changes in instructional practices. Thus, to 
the extent that teacher assignments change from one year to the 
next, we would expect to see large fluctuations in observation 
scores across years. We might also expect that new teachers’ prac-
tices would fluctuate more substantially than veteran teachers’ 
instruction (Atteberry, Loeb, & Wyckoff, 2015), though little 
empirical work has confirmed these hypotheses.

Historically, studies found year-to-year correlations in teach-
ing practices in the 0.5 to 0.7 range, with a great deal of variabil-
ity across the scales for different practices (cf. Brophy, Coulter, 
Crawford, Evertson, & King, 1975). Only a few recent studies 
have investigated this empirically. Polikoff (2015) and Garrett 
and Steinberg (2015) find year-to-year correlations ranging from 
0.4 to 0.56 for all but one of the observational instruments used 
in the MET study, with a great deal of heterogeneity across indi-
vidual scales.7 In other words, some teaching practices are quite 
stable over time while others tend to fluctuate substantially.

Not all observational instruments necessitate the same 
amount of information for accurate measurement. Instruments 
focused on teacher-student relationships suggest more moderate 
within-year stability, with cross-lesson correlations in the 0.5 to 
0.9 range (Pianta, Mashburn, Downer, Hamre, & Justice, 2008; 
Smolkowski & Gunn, 2012). Other studies suggest that class-
room management is the most stable instructional practice 
across a range of different protocols (Gitomer et al., 2014; 
Polikoff, 2015). In contrast, even within a single subject, such as 
language arts, evidence suggests variation in practice in reading 
versus writing instruction (Grossman, Cohen, & Brown, 2014). 
Some features of “good teaching” might be more stable across 
instruction, but others might naturally fluctuate over time. We 
might expect productive, orderly classrooms regardless of what 
was taught, while the quantity of teacher feedback or classroom 
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discussion might vary substantially depending on lesson content 
and structure.

A single observation is unlikely to reflect a teacher’s broader rep-
ertoire of practices, and multiple observations sampled across time 
and content would likely better assess instructional quality. In prac-
tice, districts vary widely in how they sample instruction in terms 
of content focus, duration, and frequency. The SASS data suggest 
untenured teachers are observed an average of 3.4 times per year 
and tenured teachers an average of 2.3 times per year. The standard 
deviations for untenured and tenured teachers are 3.1 and 2.8 
times per year, respectively. For untenured teachers, the mean class-
room observation length is an estimated 45.9 minutes with a stan-
dard deviation of 22.8 minutes, while for tenured teachers, the 
mean classroom observation length is 49.7 minutes with a standard 
deviation of 26.9 minutes. The large standard deviations suggest a 
great deal of variability in the frequency and duration of observa-
tions. State-level information confirms this overall variability: 
Tennessee mandates a minimum of four formal annual observa-
tions and several informal walkthroughs for all teachers, with even 
more formal observations for teachers with lower scores on prior 
observations (“Suggested Observation Pacing,” n.d.). In contrast, 
Louisiana requires a single formal annual evaluation coupled with 
one informal evaluation (“Compass Overview,” n.d.).

Unfortunately, we do not have much, if any, empirical evi-
dence based on consequential evaluation systems from which to 
inform policymakers’ decisions on whether four observations 
provide additional information about teacher performance 
beyond what three observations might provide. Most instrument 
developers acknowledge natural fluctuation in teaching prac-
tices, and generalizability studies have allowed researchers to 
determine the stability of measures of practices and identify 
sources of fluctuation or potential error. In low-stakes research 
studies, such studies have demonstrated variability by lesson, 
time within a lesson, time of year, and content of instruction 
(Cor, 2011; Hill, Charambolous, & Kraft, 2012; Joe, McClellan, 
& Holtzman, 2014; Pianta & Hamre, 2009). As a result, most 
research instruments mandate multiple observations of a certain 
duration of time, separated by several weeks or months to maxi-
mize the likelihood of comprehensive and stable estimates of 
practice (Pianta & Hamre, 2009; Hill et al., 2012; Ho & Kane, 
2013). Few districts to our knowledge have structured their 
observational systems around such parameters, and furthermore, 
we know little about whether the findings of generalizability 
studies would be consistent in high-stakes contexts.

Contextual Factors

All measures of teacher performance include sources of error. If this 
error is systematic, such that a measure does not provide an accu-
rate picture of teachers’ true performance but instead systematically 
advantages or disadvantages specific kinds of teachers (e.g., special 
education) teaching in specific contexts (e.g., high poverty schools), 
then we would consider the measure to be biased. Value-added 
measures have received much attention for the potential of bias. 
Indeed, despite some evidence to the contrary, one of the primary 
critiques of evaluation systems that utilize value-added measures is 
that they are biased in ways that make them inappropriate for con-
sequential personnel decisions (Baker et al., 2010).

In contrast to the empirical focus on the potential bias of 
value-added measures, there has been comparatively little 
research focused on the possibility of the same kinds of biases in 
observational measures. Observational scales, like any other 
measure, could also over- or underestimate the “true instruc-
tional quality” of a classroom, and teachers may be assigned to 
classrooms in which it is systematically more difficult to engage 
in high-quality teaching practices (Bell et al., 2015; Whitehurst, 
Chingos, & Lindquist, 2014).8 Such differences would not be 
based on the individual teacher’s instructional “skill.” So too 
might less readily measurable group dynamics make teaching 
more or less challenging.

Part of the challenge is that instructional quality is inherently 
situated. Good teaching likely varies in response to contextual 
factors, including school and district leadership, curricula, and 
collegial support (Little, 2001; McLaughlin & Talbert, 2006). 
So too might high-quality instruction vary for specific popula-
tions of students, such as English learners or special education 
students. Indeed, prior research has demonstrated that student 
demographics are associated with both VAMs (Loeb, Soland, & 
Fox, 2014; Master, Loeb, Whitney, & Wyckoff, 2012) as well as 
instructional practices (Blazar, Litke, & Barmore, 2016; 
Grossman et al., 2014).

The limited existing evidence around stability of instruc-
tional quality across student subpopulations suggests this is an 
important next step for research on observational instruments, 
particularly as they are used in high-stakes contexts. From process-
product research (Brophy et al., 1975; Rosenshine, 1970) to 
more contemporary work (Abedi, Hofstetter, & Lord, 2004; 
Cohen & Grossman, 2016; Goldenberg, 2008; Grossman et al., 
2014; Ladson-Billings, 2009), studies have found teachers’ 
instructional approaches differ depending on the students. 
Responsive teaching would likely vary depending on a teacher’s 
students, and this variance is at odds with the standardization of 
quality practice underlying observational instruments.

Recent studies of consequential district evaluations do indi-
cate that student characteristics may be associated with observa-
tional ratings, and teachers with students with higher prior 
achievement receive higher observation ratings (Chaplin, Gill, 
Thompkins, & Miller, 2014; Steinberg & Garrett, 2016; 
Whitehurst et al., 2014). Unfortunately, it is difficult to empiri-
cally determine whether these differences are related to teachers 
responding to their students or that teachers with different 
teaching practices (and potentially of differing quality) are sys-
tematically assigned to different kinds of students. Steinberg and 
Garrett (2016) capitalize on the random assignment of students 
to teachers in the MET database to demonstrate that the typi-
cally nonrandom assignment of teachers to classes of students 
does bias classroom observation scores.

Studies using the Measures of Effective Teaching data also 
conclude that scores on several observation protocols are system-
atically lower in middle grades than in elementary grades 
(Grossman et al., 2014; Mihaly & McCaffrey, 2014), and 
Mihaly and McCaffrey (2014) provide evidence that these dif-
ferences were not attributable to teacher or student characteris-
tics or to raters. This suggests another possible characteristic of 
students, age or developmental level, which may be associated 
with differences in instructional practices and scores on 
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observational measures. Elementary-aged students may be easier 
to engage in high-quality instruction, just as Whitehurst and 
colleagues (2014) assert that higher achieving students might be 
“easier to teach.” However, as Mihaly and McCaffrey caution, 
lower scores may also be attributed to less quantifiable differ-
ences between middle school and elementary school teachers, 
who are often trained and supported differently.

We might hypothesize that some observation instruments 
might be less prone to bias based on the composition of stu-
dents. For example, a measure that focuses primarily on teacher-
specific practices, such as the quality of a teacher’s instructional 
explanations or the accuracy and richness of teacher feedback, 
might be less responsive to student demographics than a measure 
that assesses practices that are inherently interactional (Bell et al., 
2012; Gitomer et al., 2014). The CLASS, for example, theoreti-
cally focuses on the quality of the student-teacher interactions, 
while the MQI theoretically focuses more on teacher-specific 
practices. Relatively little is known about whether more interac-
tive measures of practice are more prone to bias based on the 
composition of students or the degree to which these measures 
actually assess teacher-specific or more relational/interactive 
practices (Whitehurst et al., 2014). Some studies find that mea-
sures of classroom climate, teacher-student interactions, and 
behavior management are particularly sensitive to students’ prior 
academic achievement (Lazarev & Newman, 2015; Steinberg & 
Garrett, 2016). Instructional skills such as the use of questioning 
and discussion techniques have been shown to be less sensitive to 
student characteristics (Lazarev & Newman, 2015).

Features of schools may also be associated with the instruc-
tional practices teachers employ. Schools foster different instruc-
tional cultures that have been shown to influence the nature of 
teaching (Bryk, Sebring, Allensworth, Easton, & Luppescu, 
2010; Johnson, Kraft, & Papay, 2012; McLaughlin & Talbert, 
2006; Sarason, 1996), and school leaders and colleagues can 
support individual instructional quality. Different school con-
texts provide teachers with distinct material, curricular, and 
intellectual resources. Environments in which teachers trust 
each other can facilitate the diffusion of those resources and 
promote higher instructional quality across classrooms (Bryk  
et al., 2010).

We know little about whether these school-level characteristics 
are associated with differences in observational ratings, though 
some descriptive evidence from New York City suggests that 
observation scores are indeed higher and less variable in schools 
broadly characterized “more functional” (Cohen & Brown, 2016; 
Cohen & Grossman, 2016). Blazar and colleagues (2016) also 
find distinct differences in instructional profiles of teachers in dif-
ferent districts. Here too, it is unclear whether these differences 
are function of school or district supports or whether higher qual-
ity teachers select into specific types of schools or districts.

VAMs attempt to control for contextual variables that likely 
impact student test performance, including ethnic and linguistic 
backgrounds and prior achievement levels of students, along with 
readily measurable characteristics of schools or districts (McCaffrey, 
Lockwood, Louis, & Hamilton, 2004; Rivkin et al., 2005). In 
contrast, most observation instruments do not by design account 
for these contextual factors, tacitly suggesting that good teaching 
looks consistent across classroom, school, and district contexts. It 

is not clear whether these measures isolate the contributions of 
teacher-specific features of classroom or whether teaching is so 
inherently situated that any teaching practice is contingent on a 
teacher’s students and the school or district in which one teaches 
(Ball & Forzani, 2009; Grossman & McDonald, 2008).

For the purposes of consequential evaluations, Whitehurst 
and colleagues (2014) suggest controlling for such characteristics 
similar to VAMs. We know little, however, about the benefits or 
drawbacks of this deceptively straightforward suggestion. This 
might prove essential for the purposes of fairness in cross-teacher 
comparisons in summative evaluation systems, particularly in 
regards to awards and sanctions. For example, if middle school 
students really are systematically more difficult to teach, then it 
is sensible to compare scores on observations only to other mid-
dle school teachers in the context of high-stakes evaluations. 
That said, one potential downside is that this could mask the 
fact that teachers with different practices are in fact assigned to 
different kinds of students. In addition, classroom observations 
also serve the potentially invaluable purpose of providing forma-
tive feedback for teachers. If we adjust observation scores for stu-
dent demographics including grade-level or school characteristics, 
teachers may miss opportunities to get unstandardized feedback 
about the quality of their practice vis-à-vis descriptors at a par-
ticular score point on a scale (Papay, 2012). Moreover, a less 
accurate measure of instructional quality could lead to better 
performance outcomes, depending on how teachers respond to 
the measure. Statistical adjustments can decrease the face validity 
of a measure (the extent to which the measure is seen by teachers 
to reflect truth about performance) and therefore decrease the 
likelihood that teachers change their practices based on observa-
tional ratings. Moreover, as Steinberg and Garrett (2016) note, 
the problem of biased ratings would not be fully addressed by 
adjusting observation scores for student demographics and prior 
achievement because of the nonrandom assignment of teachers 
to classes on typically unobservable characteristics.

Numerous questions remain, including: How stable is instruc-
tional quality across content areas for elementary teachers and 
within subjects for subject specialists (Grossman et al., 2014; Qi, 
Bell, & Gitomer, 2014)? How can districts best address student 
and school characteristics in classroom observations, and to what 
extent should raters and observational protocols attend to class-
room demographics? These issues are related to broader questions 
about comparison groups and who is a sensible counterfactual in 
assessing teaching quality in consequential evaluations. VAMs 
make clear assumptions about comparison groups in terms of 
impact on student achievement, but we have not figured those 
same assumptions out for observation instruments.

Raters

One source of error in classroom observations that has no analog 
in the statistical methods employed in VAMs is the rater. Research 
has demonstrated that raters struggle to keep multiple dimensions 
of quality in mind during observations and that content-specific 
aspects of instruction are especially cognitively demanding and 
subject to rater biases (Bell et al., 2014; Park, Chen, & Holtzman, 
2014). Some evidence suggests that raters are the largest source of 
error in observational instruments in the context of no-stakes 



AUgUST/SEpTEMBER 2016    383

research studies and that rater variance has accounted for 25% to 
as much as 70% of the variance in scores on different observation 
instruments (Casabianca, Lockwood, & McCaffrey, 2013; Curby 
et al., 2011; Hill et al., 2012; Ho & Kane, 2013).

Casabianca and colleagues (2015) analyzed data from ETS’s 
Understanding Teaching Quality (UTQ) research study and 
found that despite extensive efforts to train raters, check for scor-
ing quality over time, and provide ongoing feedback on scoring 
(often termed calibration), there was still substantial “drift” or 
movement away from master scored lessons throughout the two-
year study. In fact, they found that variability among raters 
increased over the duration of the research (Casabianca et al., 
2015). Think-aloud interviews with raters from the MET proj-
ect suggest that even experienced raters struggled to score many 
lessons and used scoring processes that diverged from those used 
by “master raters” or instrument developers (Bell et al., 2014).

It is worth noting that these studies of raters were conducted 
in the context of research in which the observation scores were 
not consequential for teachers. In many cases, including the 
MET and the UTQ studies, lessons were videotaped for scoring 
purposes, allowing for rater calibration and multiple scores from 
multiple raters. When observations are used for consequential 
teacher evaluations, live observations are the norm (Casabianca 
et al., 2015). It is not clear whether these findings about raters 
would be consistent in high-stakes contexts or when raters such 
as principals know the teachers they are scoring.

Minimizing “rater effects” requires minimizing the more sub-
jective biases that different observers bring to observations. A 
good first step is a rigorous system for training raters and ensur-
ing that new raters’ scores correspond with those given by 
“expert” or master raters, often called certification. It is equally 
vital to develop systems for periodic calibration to ensure that 
raters’ scores continue to be consistent with expert scores 
(Gitomer et al., 2014; Park et al., 2014). Park and colleagues 
(2014) found that systems developed to minimize rater bias 
based on the characteristics of the rater, teacher, and classroom 
were effective—but in the context of video observations when 
raters were not personally connected to the teachers.

Even rigorous training and calibration systems may not be 
sufficient in reducing variability in scores, especially when stakes 
are attached (Casabianca et al., 2013, 2015). In consequential 
evaluations of teachers, North Carolina observers tended to rate 
a disproportionate numbers of teachers just above proficiency 
thresholds (Barrett Crittenden-Fuller & Guthrie, 2015). In 
Tennessee, where the evaluation system expects high correlations 
between observation ratings and VAMs, principals tend to lower 
observational scores to more closely align with VAMs (Poon & 
Schwartz, 2015). Conversely, in Miami, Grissom and Loeb 
(2014) demonstrate principals’ tendency to “prop up” observa-
tion scores of teachers they worry may be subject to sanctions 
based on low overall evaluations.

These few studies of administrator scoring behavior suggest 
that the concerns with drift and rater variability established in 
low-stakes research studies may be exacerbated in real-world 
evaluations. In addition, these studies suggest there are addi-
tional potential constraints on accurate scoring based on fidelity 
to a rubric and consistency across multiple raters. For example, 
because administrators have existing relationships with the 

people they are observing and also multiple, competing demands 
on their time, they may make different strategic decisions about 
rating teachers that result in less accurate scores.

New research supports the notion that school culture may 
impede principals accurately assessing the teachers in their 
schools. Kraft and Gilmour (2016) find that few teachers are 
rated below “proficient” (a level where there are consequences 
associated with the rating), even in states that have recently 
implemented major changes to their performance evaluation sys-
tems to make them more rigorous and accurate. If ratings suggest 
that all teachers are proficient or better, they either reflect reality 
about the teacher workforce or the ratings cannot be accurate. 
Survey evidence from the Kraft and Gilmour study suggests it is 
the latter, as principals privately suggest that substantially more 
teachers are “below proficient” than are rated as such.

Bell and colleagues (2016) have done extensive mixed methods 
research on how principals in Los Angeles develop and use obser-
vational ratings. They suggest real-world raters, usually school 
administrators, do not conceptualize or use observation instru-
ments as typical measurement tools with an emphasis on accurate 
scoring. Instead, principals factor in various organizational 
demands when scoring teachers. These include the need for trust 
and transparency within a school and individualized information 
about teachers and their students. Principals also tend to empha-
size observations as formative rather than summative assessment 
tools used primarily to set goals for teachers. This more situated 
view of teacher evaluation emphasizes flexibility and professional 
discretion rather than standardization and consistency across set-
tings. Depending on the aims of an evaluation system, we might 
interpret these findings differently. If “fairness” and uniformity are 
key goals, then principals may not be the best raters of consequen-
tial observations as they are always working within organizational 
contexts with specific constraints and competing goals. If we 
desire personalized formative feedback and contextualized under-
standing of teaching aimed at ongoing development, then we 
need much more research like the work in Los Angeles to deter-
mine the strategies that principals use to effectively leverage obser-
vations as tools for instructional improvement.

The question of who should be conducting observations has 
received much media attention given New York’s recent mandate 
that external raters conduct at least one consequential observa-
tion (Ravitch, 2015). While principals provide more consistent 
ratings of teachers, outside observers’ scores are more closely 
related to VAMs (Whitehurst et al., 2014). Indeed, a number of 
studies suggest multiple raters are needed for reliable estimates of 
practice (Casabianca et al., 2013; Hill et al., 2012; Kane & 
Staiger, 2012), and while training multiple raters or hiring out-
side raters may be sensible from a measurement perspective, it 
represents a costly and logistically challenging proposition for 
districts.

Next Steps for Research

Despite the ubiquity of classroom observations, we know rela-
tively little about them, particularly as they are used in current 
evaluation systems. Observations have not been held under the 
microscope to the same degree as VAMs, perhaps because of their 
long history as the status quo measure of quality or because they 
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do not create a forced distribution of performance. Regardless, a 
great deal more work is needed to assess how to reliably measure 
classroom practices and how such measures can translate into 
meaningful improvements in students’ classroom experiences. 
We need to know more about how we measure quality teaching 
in service of supporting the development of rigorous and fair 
teacher evaluation systems (for both improvement and personnel 
decisions) using classroom observations. Byproducts of such 
research would likely include a deeper understanding of teaching 
and, importantly, the improvement of teaching.

First, and most importantly, classroom observations need to 
be validated based on a range of student measures we care about. 
There is some evidence on the degree to which they predict stu-
dent test achievement (e.g., Kane, McCaffrey, Miller, & Staiger, 
2013), but the connection between observations and long-term 
student outcomes has not been established as it has with VAMs 
(Chetty et al., 2014).

Second, we need more robust evidence on the affordances 
and constraints to different measures of instruction. Are there 
particular practices that teachers can more readily improve upon 
and that are also valuable to student learning, broadly defined? 
How does the composition of practices in observation instru-
ments influence implementation and effects of teacher evalua-
tion? Some groups such as the New Teacher Project (2012) 
suggest evaluating teachers on a limited number of “essential 
components” of a successful lesson. The challenge with imple-
menting such a recommendation is there is neither clarity about 
those “essential components” nor consensus about the process by 
which we would determine a practice’s essentialness9 (Cohen, 
2015). We need to develop greater conceptual clarity around the 
features of instructional quality that we want to capture in con-
sequential evaluation systems and make clear for teachers why 
and how we think such practices are essential in supporting a 
range of more and less readily assessable student outcomes.

Third, we need to know more about how to sample instruc-
tion in consequential evaluations to maximize the likelihood of 
observing a representative slice of teacher practice. How do differ-
ent sampling plans translate into differential personnel decisions 
and teacher development over time? Do observers need to see a 
particular type of lesson or a range of lesson formats/content? 
How many observations are needed to get reliable estimates of 
teacher performance? We know a little about some of these 
issues,10 but most of the evidence is new and based on relatively 
few studies, and much research in this area has been conducted in 
research studies where evaluations are low or no stakes for partici-
pating teachers. We need to learn more about observational eval-
uation as it is used in practice. Teachers’ responses to consequential 
observations will ultimately dictate the degree to which these 
measures support improvement in instructional quality.

Fourth, we need to know more about who ought to be 
observing teachers and how to best train and support them. It is 
not clear whether school leaders or outside observers with con-
tent expertise would better provide teachers with useful feed-
back. Some districts, such as Washington, D.C. (Dee & Wyckoff, 
2015) and Chicago (Sartain, Stoelinga, & Krone 2010; Steinberg 
& Sartain, 2015), have invested heavily in observer quality and 
developing cadres of “master raters” and supporting multiple 
observations of a set of a teacher’s lessons. Evidence from Chicago 

suggests benefits in terms of improvements in teacher perfor-
mance as a result of observations from these highly trained and 
supported raters (Steinberg & Sartain, 2015). The field would 
benefit a great deal from understanding more about the returns 
on such investments in terms of teacher performance over time 
as well as challenges faced and lessons learned.

One thing we do know is that it is generally difficult to 
implement observational performance evaluation systems that 
actually differentiate among teachers. This raises questions 
about the theory of action associated with classroom observa-
tions as performance measures. If administrators use observa-
tions primarily as a formative assessment to help teachers get 
better, then they might not serve well as summative perfor-
mance measures. On the other hand, if the differentiation of 
teacher ratings is necessary to drive improvement and observa-
tional measures are a necessary component of a summative 
evaluation system, then policymakers should guard against the 
widget effect tendencies inherent in observation-based evalua-
tions of teachers. Developing principal capacity is essential to 
such efforts.

Little is known about the degree to which, and ways in which, 
teaching practices evolve in response to observations systems.11 
Understanding the mechanisms through which teachers learn to 
improve instruction is a crucial step for research on observational 
measures as evaluation tools. Are there practices that evolve more 
readily and others that necessitate more intensive support? What 
evaluation structures best promote development? The extant 
research tends to separate the observational processes from their 
potential feedback function. To capitalize on the formative 
capacity of observational tools, we need not just accurate raters 
but also skilled feedback providers.

We are optimistic about the potential value of observational 
instruments as levers for improving instruction in American 
classrooms, but many important questions remain about how to 
isolate, measure, and promote quality teaching through observa-
tions (Goldring et al., 2015). We believe it necessary to answer 
the questions outlined previously to have classroom observations 
lead to meaningful improvements in practice at scale.

NOTeS

 1We use the term value added loosely in referring to all student 
test growth measures of teacher performance.

 2As early as the 1920s, districts evaluated teachers for differen-
tial compensation based on personal traits such as “moral standing in 
the community” (Toch & Rothman, 2008). By the 1940s, researchers 
began developing frameworks for data-based, objective teacher evalu-
ation (Ellett & Teddlie, 2003), and the federal government actively 
encouraged a focus on classroom practice in 1968 with the funding of 
competency-based teacher education programs (Semmel, 1976).

 3A notable exception to this is IMPACT in Washington, DC 
(Dee & Wyckoff, 2015).

 4It is not clear from the nature of the question that principals 
were asked how they use achievement measures; we speculate that the 
percentage of teachers who are being formally evaluated based on value-
added measures of student test growth is far smaller.

 5Observational measures consistently have low to moderate cor-
relations with measures of student achievement (Allen, Pianta, Gregory, 
Mikami, & Lun, 2011; Hill, Kapitula, & Umland, 2011; Kane, 
McCaffrey, Miller, & Staiger, 2013).
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 6An observational measure may capture more about instructional 
quality than was intended by instrument developers if omitted practices 
are in fact correlated with featured practices.

 7Polikoff (2015) finds greater stability in the tails of the distri-
bution. Garrett and Steinberg (2015) find somewhat higher year-to-
year correlations in language arts instruction than in mathematics 
instruction.

 8Administrators also rate their own teachers higher than outside 
raters, and their scores are more prone to personal biases and prior 
impressions (Whitehurst, Chingos, & Lindquist, 2014). Gitomer and 
colleagues (2014) suggest that high and undifferentiated principal rat-
ings of teachers may not simply be a matter of administrative will but a 
result of administrators’ knowledge (or lack thereof ) of specific instruc-
tional content and/or grade levels.

 9Districts vary substantially in the number of scales they use 
from a single observation instrument, Danielson’s (2007) Framework 
for Teaching (FFT), reflecting variation in the aspects of instruction 
they most prioritize for consequential evaluations. New York City’s sys-
tem, Advance, highlights only 8 of the FFT practices, while Cincinnati’s 
Teacher Evaluation System draws on 15 of the FFT practices.

10Especially, for instance, on the reliability benefits on increasing 
the number of observations, see Kane, McCaffrey, Miller, and Staiger 
(2013).

11Though there is some evidence that formal evaluations and feed-
back about teaching practices can increase teacher performance in ways 
that are detectable from student test scores (e.g., Taylor & Tyler, 2012).
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